Abstract. Scientific and correct evaluation of students' learning status was essential for teaching. In recent years, various universities had done a lot of research on teaching methods, contents, patterns, courses and textbooks, however, the study on how to evaluate students' learning status was relatively backward. In this paper, FAHP was used to evaluate students' effectiveness. First of all, we analyzed the students' achievements, and verified the distribution of students' scores by SK, UK and Q-Q. Secondly, based on Fuzzy-AHP, we established a comprehensive assessment model. Finally, we evaluate the learning status of students through matlab, and the results show that the model is reasonable.
Introduction
With the popularization and advance of higher education, the reform and development of education has shifted from expanding its scale to improving the quality of personnel training. Due to the influence of the traditional education system, students can't have a dynamic and expected understanding of their learning status. For school, it is the duty to learn the students' stat in time and to warn students of abnormal grades, and to warn students of abnormal grades. In recent years, the methods of analyzing students' learning state are mainly: statistical analysis method, fuzzy comprehensive evaluation method, grey system theory [1, 2, 3] .
Fuzzy comprehensive evaluation method is used to evaluate the status of the subjection of the evaluated objects from multiple indexes. Analytical hierarchy process (AHP) was proposed by American scholar T.L.Seaty in 1970s, it quantified the subjective judgment objectively and quantitatively analyzed the qualitative problems. In this paper, Fuzzy-AHP was used to evaluate students' effectiveness.
Data Preparation

Data Analysis
We randomly selected 80 undergraduates , and took their first four semesters scores as the raw sample data. Then, we analyzed the objective data, as shown in Table 1 . Based on Table 1 . Students did best in the first term, followed by second term, third term and forth term .The variance of the first term was significantly lower than the other terms, which means that the students' grades were more concentrated in the first term [4] .
We made histograms of students' grades in each semester. (See Fig. 1 ).
Figure 1. Histograms of Students' Grades in Each Semester.
Where the line is the normal distribution curve, it can be seen that the sample data is a normal distribution. To obtain more, we made Skewed distribution of the raw data , as shown in Table 2 . If SK=0, the data was to be normally distributed; When SK> 0, it was a positive skew distribution; while SK<0, it's a negative skewed distribution. The results of the first two semesters are negatively skewed, indicating that the overall difficulty of the paper is slightly lower. In the third and fourth semester, the histogram is on the left side of the standard normal distribution curve, and SK< 0, so all of them are positive skewness distribution, indicating that the overall difficulty of the test paper is slightly higher. KU described the degree or level of peak or level of a certain data distribution compared to normal distribution. If KU= 3, it is normal distribution. When KU> 3, spike; while KU < 3, flat. The value of KU in the first, third and fourth term was less than 3, and the data distribution had a weak kurtosis and the image was flat. The value of KU in the second semester was greater than 3, the data distribution had an excessive kurtosis, and the image was pointed, indicating that there were more and more difficult questions.
Data Standardization
Centralization of data -compression processing, i.e 
The normality was tested by Q-Q, as follows, Figure 2 . Q-Q Test.
As can be seen from the graph, the points on the map were near a straight line, indicating that the normalized data has good normality.
Index System
AHP Model Judgment Matrix
Criterion Layer. Compared three factors, average score, progress rate, and fluctuation rate on students' learning status. According to the reference of Satty et al. 1-9 scale, we compared the three factors. Let's say that the progress was slightly better than the score, set to 3; the score was better than the learning fluctuation, set to 5; the progress was better than the fluctuation, set to 7. See Table 3 for details:
Scheme Layer. Assuming that the results have an increasing impact on the student's overall evaluation, the judgment matrix of the grades of each semester will be:
Assuming that the progress rate increases the influence of the total evaluation of students, the judgment matrix of each semester's progress rate will be determined: 
Hierarchy Order and Consistency Check
Criterion layer-Weight. The maximum eigenvalue was 3.0649, and the eigenvector was: (0.39, 0.91, 0.1).
0.0559 0.1 CR = < , therefore, the consistency of judgment matrix is acceptable. After normalization, the average score, progress rate and volatility weight are: 0.28, 0.65, 0.07 [5] .
Scheme layer -Weight. Similarly, the weights of the first four terms were 0.09, 0.16, 0.28, 0.47 respectively.
The weight of progress in the second, third and fourth terms was 0.16, 0.3 and 0.54 respectively.
In conclusion, the total ranking of students' learning status is as follows, 
We randomly selected 3 students to receive their learning status, such as Table 7 . By observing the data in Table 7 , we can find that our evaluation results are basically consistent with the students' performance fluctuation, which can reflect the students' learning status. Based on AHP and fuzzy theory, this paper puts forward the fuzzy hierarchy comprehensive evaluation model, through computer simulation, it can be seen that the model can be more scientific and effective to evaluate the state of students' learning and prediction.
